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Development of the Human Face Recognition System using the Artificial
Neural Network
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Abstract

This paper presents an approach to the development of a human face features recognition system with the
backpropagation algorithm of the Artificial Neural Networks (ANNs). The programming languages used were C# and
EmguCV instruction sets. A webcam was installed to catch the facial image of the people in focus and pass the image
data through image processing processes to be prepared as the input data for the checking procedure of the neural
network. If it is cannot checking person image from database system, the system starts a conversation in order to obtain
the name and other details. The name is then used as the target data together with the facial input data to train the
neural to remember a new known person along with other details in the system database. The experimental results

showed that 91.50% of 168 samples of person images were correctly recognized.

Keyword: Human Recognition, Face Features, Back-Propagation, Artificial Neural Network
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Get number of neurons in hidden layer#2
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Get transfer function for each layer
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Get the training data
Find the number of bits of input and target data
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Build and initialize the neural network
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Train and Test the neural network
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