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Abstract

Nowadays, a recruitment examination of a new student for each institution of higher education has a more

aggressive policy such as course public relations or Guidance to the school curriculum. Due to the higher competition

of each institution. This research has gotten data mining concept for helping the analysis of the candidate collected in

the database and planning in the future. This research has two main components. Performance comparison of Decision

Tree, Naive Bayes, k-NN, Rule Induction for Classification Model. The results show that the highest accuracy is

Decision Tree 83.97%.

Keyword: classification model, data mining
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ExampleSet (14 examples, 1 special attribute, 4 regular attributes)

Row No. play outlook temperature humidity windy
1 no sunny 85 a5 FALSE
2 no sunny 80 a0 TRUE
3 yes overcast 83 a6 FALSE
4 yes rainy 70 96 FALSE
5 yes rainy 68 80 FALSE
(3] no rainy 65 70 TRUE
7 yes overcast 64 65 TRUE
8 no sunny 72 95 FALSE
9 yes sunny 69 70 FALSE
10 yes rainy 75 80 FALSE
11 yes sunny 75 70 TRUE
12 yes overcast T2 ap TRUE
13 yes overcast 81 75 FALSE
14 no rainy 71 a1 TRUE

= o de
NN 2: maﬂmgwﬁ'au“a Golf Dataset N3UVU Rapidminer Studio

[ outlook ]

= owercast =rainy = sunny

P il o 4-'-'1 \
[ windy | | humidity |

yes

=FALSEE TRUE

b | b ~
yes no no yES

a o "y Yo a L. 9 o '
1NN 3 dredredulddadula (Decision Tree)nnyatoyadiog e

> 77.850= 77.500

2.1.4 8ane3Nu Naive Bayes (Naive Bayes
Y
Algorithm) [5] M3suuniszinndoyasie Naive Bayes
3 axaAy Yo a A o ' 3
Futn1dsuanuiion iesanedeanuiitnz iy

(probability) 1 uvdn Tavordoaumsi
P(AB) = P(ANB)
P(B)
P(A[B) A ® A1 conditional probability 5 f 17211
vzdlufifangnise B uneunazzimanisa A
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Initiahize to the set of all example E
While E contains example in class C
Create a rule R with an empty lefi-hand side that predicts
class C
Until R 1z 100% accurate (or there are no more attributes
o use) do:
For each atiribute A not in R and each value v
Consider adding the condition (attnibute-value pair)
A=y 1o the left hand side of R
Sellect A and v 1o maxirmize the sccuracy and oov
erning of the atinbute =value
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training

training training traning trasming
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J rmodel
-

T’? o

v v
testing 18sting testing tesling lesling

NINN 5 dedramsuisdeyanuy 5-fold cross-validation [5]
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